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What Underlies the Interest Rates of P2P Lending?

XIANG Hongyu WANG Zhengwei JIANG Jinglin and LIAO Li
( PBC School of Finance Tsinghua University)
Summary: China has the largest P2P lending market in the world. At the end of 2017 there were 2 249 P2P platforms
operating and outstanding P2P loans amounting to approximately 1. 04 trillion CNY ( around 150 billion USD) . The Chinese
P2P lending market provides an alternative funding source for many individuals and SMEs that are underserved by the
traditional banking system. It also offers a new investment tool for households to allocate their wealth. However along with
its large size the P2P lending market in China is risky. As of the end of 2017 65% of P2P platforms that had ever
operated had shut down. Many of these platforms had been found to engage in fraud such as Ponzi schemes. Defunct
platforms can incur huge losses for their investors and undermine the stability of the financial system and society.

Understanding defunct platform risk is important for both P2P investors and regulators. First P2P investors who
understand this risk will make better investment decisions. The possibility of a platform going defunct is the primary risk
facing P2P investors. In contrast the default of a single loan causes them little loss given that nearly all P2P platforms in
China adopt a principal guarantee: when a borrower defaults on his/her loan the platforms return the principal ( or both
principal and interest) of the investment to investors. Hence P2P investors suffer a loss only when the platforms go
defunct. Second understanding this risk can help regulators by improving their ability to intervene early reducing the
likelihood of systemic risk and negative effects on society.

We examine the cross-sectional relation between interest rates offered to investors and defunct platform risk. We focus
on interest rates for two reasons. First they play a central role in P2P lending: interest rates are highly related to the
investment return of investors and the borrowing cost of borrowers. Many platforms mark the interest rates of their loans on
the home page of their websites to attract more investors while industry third parties often list the average interest rates of
each platform for visitors” convenience. Second interest rates can have complex relationships with defunct platform risk.
On the one hand low—isk platforms are motivated to set higher interest rates to signal their good financial situation and
capability of offering principal guarantees. Hence interest rates can be negatively related to defunct risk. On the other
hand platforms can have moral hazard problems such as engaging in Ponzi schemes. The existence of moral hazard implies
that interest rates can be positively related to defunct risk ( Karlan & Zinmman 2009) .

We use a unique dataset for empirical testing. The dataset contains platform-week-evel transaction data of 1 415 P2P
platforms including average interest rates average maturity and the number of investors of P2P loans transacted on a
given platform in a given week. We hand-collect these platforms” basic information including registered capital whether
the platform is defunct the date it became defunct and the platform’s location. To the best of our knowledge we are using
the most comprehensive data available on the Chinese P2P market.

We perform Probit regressions with week fixed effects to examine the cross—sectional relationship between interest rates
and defunct risk. We find that in general interest rates are positively related to defunct risk. We also show heterogenous
effects across different interest rate levels. For platforms with interest rates in the lowest quartile of the industry interest
rates negatively correlate with defunct risk. For platforms in the second and third interest rate quartiles interest rates are
not significantly correlated to defunct risk. In the highest quartile of interest rates interest rates are positively related to
defunct risk.

Our study contributes to the literature on P2P lending. Earlier studies primarily look at how loan characteristics are
related to the default risk of P2P loans. Researchers find that the trust ( Duarte et al. 2012) race ( Pope & Sydnor 2011)
social networks ( Lin et al. 2013) and linguistic features ( Gao et al. 2018) of borrowers are related to default risk. Our
research extends this literature by examining whether average interest rates are related to platform-level risk in P2P lending.
Keywords: Interest Rate; Platform Defunct Risk; The Chinese P2P Lending Market
JEL Classification: G11 G21
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